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Why multilingual crisis NLP matters

Key Gap: No rigorous multilingual evaluation of LLMs in crisis relevant tasks considering 
stakeholders alignment 

LLMs widely adopted as general-
purpose systems 

LLMs used differently by 
stakeholders 

Crisis Ecosystem
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English-only benchmarks

Exposure mismatch



Research Questions

RQ1

How does Machine Translation performance vary across 
linguistically diverse languages in the crisis domain?

RQ2

Do LLMs align with human judgment on urgency, and are they 
consistent across languages?
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Experimental Setup

Human-translated 
gold standard

+20 typologically 
diverse languages

TICO-19 corpus

COVID-19 crisis domain 
2k sentences / language

🌍
NLLB-200

Aya-101

X-ALMA

Llama 3.2

Diverse MT family models
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Practical MT performance collapses for unsupported crisis languages.Takeaway
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Research Questions

RQ1

How does MT performance vary across linguistically diverse 
languages in the crisis domain?

RQ2

Do LLMs align with human judgment on urgency, and are they 
consistent across languages?
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Same scenario, humans agree but LLM don’t
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How Urgency shifts are downward/upward?

LLM Urgency Shift: English vs Each Language (Row, 1324 label pairs)

% of sentences labeled as Critical in English that are labeled as Low in X language
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How far does urgency levels drop after translation?
% of sentences labeled as Critical in English that are labeled as Low in X language
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How far does urgency levels drop after translation?
% of sentences labeled as Critical in English that are labeled as Low in X language

LLM Urgency Shift: English vs Each Language (Row, 1324 label pairs)

Takeaway LLMs perform urgency classification inconsistently across languages



Preliminary Findings

3 / 6

RQ1

How does MT performance vary across linguistically diverse languages in the crisis domain?

RQ2

Do LLMs align with human judgment on urgency, and are they consistent across languages?

Yes, overall practical MT performance collapses for unsupported languages

No, LLM do not align with humans and even more concerningly they perform 
inconsistently
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Future Work

3 / 6

• Use of real life world data (looking for collaboration!)

• Explore other relevant classification tasks (e.g. severity assessment)

• More models for translation and annotation (open weights vs 
commercial) 

• Alignment between LLMs and different stakeholders 



Thank you

I’m happy to collaborate in building and 
evaluating AI models for crisis settings

Work supported by 
a 3 year NSF grant.  
Find more at 
LT4CPR.github.io
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