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1 Introduction

"Should we report our pilot study in the paper?" HCI researchers routinely confront this question when deciding how and
when to describe preliminary work in a manuscript. Should formative interviews be reported as a pilot? Does iterative
prototype testing count as pilot work? Is a feasibility assessment fundamentally different from a pilot study, or simply
another name for the same activity? These questions arise because HCI researchers routinely conduct preparatory
work before larger empirical investigations [39]. Researchers refine interview protocols, iterate on prototypes, calibrate
technical systems, assess recruitment strategies, and identify unforeseen challenges before investing in larger empirical
studies. Such preliminary work improves study design, reduces methodological risk, and shapes the evidence ultimately
presented in published research [1, 13]. Yet, there is little shared understanding regarding which activities constitute a
pilot study, what that label is intended to communicate, and which, if any, preparatory activities should be reported.

Across disciplines, methodological researchers have observed that commonly used methodological terms often evolve
to encompass diverse research practices, leading to inconsistent terminology and conceptual ambiguity [15, 18]. HCI
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2 Trovato et al.

has itself developed a substantial tradition of examining its own research practices, with recent work characterizing
such inquiry as meta-research: the systematic study of how HCI research is conducted, evaluated, documented, and
disseminated [40]. This work has exposed variation in methodological concepts and norms including sample size [8],
reliability [37], literature reviews [51], and even foundational concepts such as interaction [23]. Yet discussions of pilot
studies have largely focused on whether and how pilot work should be reported [1, 39], but not on what constitutes a
pilot. As we demonstrate, the term in HCI has instead become an umbrella label for preparatory activities that differ
substantially in their goals, methods, and expected outcomes.

This ambiguity has practical consequences for the HCI community. When fundamentally different preparatory
activities are described using the same methodological label, authors receive limited guidance regarding what pilot
work should be reported, reviewers develop different expectations for evaluating preliminary research, and readers are
left to infer what was actually done from limited methodological descriptions. More broadly, these questions concern
how methodological norms become established and communicated within a research community. Pilot studies provide
a useful case through which to examine these processes because the same label appears across substantially different
HCI research traditions.

To address this gap, we examine pilot work through two complementary perspectives. First, we analyze how pilot
studies are represented in full CHI papers published between 2015 and 2025. Through iterative human qualitative
coding, we characterize the motivations, procedures, outcomes, and downstream effects authors attribute to pilot work.
Second, we conducted semi-structured interviews with five experienced HCI researchers spanning computational social
science, interactive systems and VR, wearable and accessible computing, and social computing. These interviews allow
us to examine a dimension that published papers alone cannot reveal: how researchers decide what preparatory work
to conduct, what experts consider a pilot, and which parts of that process become visible in the final paper.

Across these analyses, we find that pilot study does not denote a single methodological activity. The term is used for a
family of practices that address different uncertainties at different points in a research process, including refining study
protocols, testing technical infrastructure, iterating prototypes, probing feasibility, and informing design decisions.
Our interviews further show that the published pilot is not necessarily the pilot work: researchers routinely described
informal testing, debugging, calibration, and iterative refinement that shaped the eventual study but was not reported
as a distinct pilot. Reporting decisions were shaped not only by methodological relevance, but also by judgments about
contribution, narrative coherence, space, and anticipated reviewer scrutiny.

These findings shift the problem from definition to communication. We do not argue that HCI needs a single
universal definition of a pilot study, nor that every preparatory activity should be documented in detail. Instead, we
argue that readers need enough methodological clarity to understand consequential decisions in the research process.
We contribute (1) an empirical, manual characterization of the diverse functions and reporting practices associated
with pilot work in CHI papers; (2) an interview-based account of how experienced HCI researchers conceptualize,
conduct, and selectively report preparatory work; and (3) a methodological traceability framework for communicating
consequential preparatory work by making clear what was uncertain, what the preparatory work revealed, and what
decision followed.
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2 Related Work

2.1 Meta-Research on HCI Research Practice

A growing body of HCI meta-research has increasingly turned its attention toward methodological concepts themselves,
asking not only how research methods should be conducted but also how methodological concepts are interpreted,
operationalized, and communicated across the field. Rather than assuming that widely used methodological labels
correspond to shared research practices, recent literature has shown that many methodological concepts encompass
substantial diversity in both interpretation and application.

For example, Stefanidi et al. [51] found that HCI researchers use the term literature review to describe a wide range
of review methodologies, arguing that the field lacks a comprehensive terminology system for characterizing literature
review practices. McDonald et al. [37] demonstrated that concepts surrounding reliability and inter-rater reliability are
interpreted differently across qualitative research traditions, leading to inconsistent expectations among authors and
reviewers. Caine [8] likewise showed that commonly held assumptions regarding sample size often conflict with the
methodological goals of HCI studies, arguing that methodological decisions should be evaluated within their broader
research context rather than according to universal expectations. Collectively, these studies suggest that methodological
labels often mask substantial diversity in the research practices they are used to describe.

These conceptual differences become particularly visible when methodological labels serve as the primary means
through which researchers communicate what they did. Bowman et al. [7] found considerable variation in how
thematic analysis is conducted and reported in healthcare HCI research, demonstrating that researchers use the same
methodological label to describe diverse analytic practices. Similarly, Singh et al. [48] observed substantial variation in
how positionality is incorporated into CHI publications, arguing that positionality statements are frequently treated
as markers of methodological rigor without clearly articulating how they informed the research process. Rogers et
al. [45] likewise found considerable inconsistency in how systematic reviews are defined and reported across CHI
publications, motivating best practices to improve methodological transparency and reporting quality. These studies
show that methodological diversity becomes difficult to interpret when shared labels no longer reliably communicate
the methodological intent underlying research practices.

Our work extends this meta-research tradition by examining pilot studies as both a methodological concept and a
window into preparatory research practice. Rather than asking only whether pilot studies are reported adequately, we
examine what researchers use pilot work to accomplish, how they understand its boundaries, and which parts of that
work become visible in publication.

2.2 Methodological Terminology as Scientific Infrastructure

These observations align with a broader body of methodological scholarship arguing that shared terminology plays a
central role in scientific communication. As research practices diversify, methodological concepts often evolve beyond
their original definitions, resulting in variation in how researchers interpret and apply commonly used terminology.
Rather than treating these differences as merely semantic, recent work has argued that inconsistent methodological
terminology hinders scientific communication, complicates methodological learning, and limits the accumulation of
methodological knowledge.

For example, Gentles and Vilches [15] argue that shared terminology is essential for communicating qualitative
researchmethods and call for greater conceptual clarity in sampling terminology. Similarly, Guetterman et al. [18] identify
inconsistent terminology as a persistent challenge in mixed methods research, arguing that continued methodological
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development depends on maintaining a shared vocabulary for describing research practices. Collectively, this work
positions methodological terminology as an important object of methodological inquiry rather than simply a means of
describing research.

This perspective aligns with broader scholarship on scientific knowledge organization. Bowker and Star [6] argue
that classification systems constitute infrastructure that shapes what becomes visible, comparable, and communicable
within scientific communities. Likewise, Star and Griesemer [50] describe shared conceptual artifacts as enabling
coordination among communities with different goals by providing sufficiently stable meanings while remaining flexible
enough to accommodate local practices. These perspectives suggest that shared conceptual systems play an important
role in enabling scientific communication and cumulative knowledge development. Importantly, this scholarship does
not argue against methodological diversity itself. Rather, it argues that scientific communities require conceptual
systems capable of communicating that diversity clearly. Consequently, examining how methodological terminology is
interpreted and applied in practice provides an empirical foundation for understanding how research communities
communicate methodological knowledge and establish shared methodological norms.

2.3 Pilot Studies Are Underspecified in HCI

In several disciplines beyond HCI, pilot studies are widely recognized as an important component of the research process,
providing opportunities to refine study procedures, assess feasibility, identify methodological challenges, and improve
the design of subsequent investigations. Consequently, a substantial body of methodological literature has focused on
clarifying the role of pilot studies and developing recommendations for their design and reporting. For example, Arain
et al. [1] reviewed the use of pilot studies in clinical research and argued that pilot work is frequently misunderstood or
misused, motivating clearer guidance regarding its purpose and appropriate application. Similarly, Eldridge et al. [13]
developed a conceptual framework distinguishing pilot and feasibility studies, proposing standardized terminology to
improve consistency in methodological reporting. These studies seek to establish clearer definitions of pilot studies and
provide guidance for how they should be conducted and communicated.

Within HCI, comparatively little attention has been paid to pilot studies as a methodological concept. Oppenlaender
et al. [39] examined pilot study reporting practices in crowdsourcing research, finding considerable variation in how
pilot studies are documented and proposing recommendations for improving reporting quality. This work represents
an important step toward improving transparency surrounding pilot research within HCI. However, like prior work
across other disciplines, it primarily focuses on how pilot studies should be reported, implicitly assuming that pilot
study refers to a coherent methodological concept.

This assumption has received little empirical scrutiny. Existing guidance generally presumes that pilot studies
constitute a single methodological concept for which common reporting expectations can be established. Yet, as prior
HCI meta-research has shown for methodological concepts such as literature reviews, reliability, and sample size, widely
adopted methodological labels often encompass diverse research practices whose differences are not apparent from
terminology alone [8, 37, 51]. Whether pilot study similarly functions as a single methodological concept, or instead
serves as an umbrella label for multiple forms of preparatory research, remains unknown.

Addressing this question is important for both methodological communication and reporting. If pilot studies serve
fundamentally different methodological functions, then uniform reporting expectations may obscure rather than clarify
the role that preparatory research plays within empirical HCI. This observation motivates the central question of our
work: How do HCI researchers use the term pilot study in practice, and what methodological functions does it communicate?

Manuscript submitted to ACM



Behind the Published Paper: Pilot Work and Methodological Visibility in HCI 5

3 Methodology

We used a two-part qualitative meta-research design to examine both the published representation of pilot work and
the research practices that precede publication. The first component manually analyzes pilot studies explicitly reported
in CHI papers, allowing us to characterize how authors describe their purposes, procedures, outcomes, and effects on
subsequent research. The second component consists of semi-structured interviews with experienced HCI researchers,
allowing us to examine how preparatory work is understood and conducted in practice, including work that may
never appear in the final paper. We treat these sources as complementary rather than interchangeable: the corpus
captures what becomes visible in the published record, while the interviews help explain how and why researchers
make particular activities visible.

3.1 Corpus Creation

We focus our document analysis on full CHI papers published between 2015 and 2025. CHI provides a large and
methodologically diverse body of HCI research, making it a useful site for examining how a widely used methodological
term is operationalized across different research traditions. Our goal is not to treat CHI as representative of every HCI
venue, but to characterize pilot reporting within a major HCI publication venue and then contextualize those patterns
through interviews in which participants reflected on their broader HCI research experience.

Pilot work can appear at very different levels of visibility: as a brief sentence embedded in a methods section, as a
short paragraph, or as a dedicated pilot or preliminary-study section. Because the present manual analysis requires
sufficiently detailed descriptions to code methodological purpose and downstream impact, we restrict the primary
corpus to papers with a dedicated heading that identifies pilot or closely related preparatory work. This choice prioritizes
analytic depth over prevalence estimation. It also means that our corpus does not capture the full amount of pilot work
occurring in CHI, a limitation we return to later.

Our processing pipeline consisted of the following steps:

(1) Step 1: Data Collection. We queried from the ACM Digital Library any paper that contains any term from a
curated-list of pilot-related keywords. Previous studies [39] have shown that pilots can have multiple ways to be
reported, therefore we conducted a sensitivity study to understand how much to expand the keyword list (see
appendix). We filtered ‘full papers’ only, excluding other submission types such as ‘extended abstract’, since
our study aimed to understand preparatory work conducted before the main study is finalized HCI publications
(rather than work where the pilot is the main study, or where the publication describes an early work-in-progress).
This yielded 1098 papers in total.

(2) Step 2: Text-Extraction. We extracted the paper content using a layout-aware PDF parsing pipeline that uses
MinerU [54] as a core-engine to identify heading labeled-blocks. We qualitatively evaluated this pipeline against
other tools, such as PyMuPDF [49], on a set of 12 randomly selected papers. We observed that the MinerU
pipeline handled hierarchical headings better or the same as PyMuPDF five out of 12 times. We reconstructed the
papers joining the identified headings, discarding the content before the abstract and after the conclusions/before
the appendix, keeping only the paper content organized by headings.

(3) Step 3: Headings-Selection. We analyzed the heading distribution to identify how pilots are referred in
publications. We defined three filtering criteria, papers with: a) ’pilot study’ or ’pilot studies’ as headings, b)
headings containing ’pilot’ related words, c) headings containing referring to preparatory work beyond the
wording ‘pilot’ (e.g. formative study, ‘feasibility study’, ‘preliminary work’). We focused our study on papers that
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fulfill criteria a) and b), manually choosing only those referring to a ‘pilot’ related work. Our final corpus for
manual coding consisted of 119 full CHI articles.

3.2 Coding Procedure

3.2.1 Initial codebook development. Three coders, the first three authors, independently coded 10 randomly selected
papers. We approached this first round inductively, attending to what authors said motivated the pilot, how the activity
was conducted, what was reported as an outcome, and how the pilot affected subsequent research. The coders then
met to compare interpretations, discuss disagreements, and consolidate recurring distinctions into an initial codebook.
This process produced 27 codes. For each code, we developed a working definition and inclusion criteria to support
consistent application in subsequent rounds.

3.2.2 Codebook Stabilization. We conducted two additional rounds of independent coding, following an aggregated
sampling criteria, selecting 2 paper per year from 2015 to 2025. After each round, the three coders met to resolve
disagreements and refine the codebook by clarifying definitions, revising inclusion criteria, and merging or splitting
codes where needed. At the end of this process, 30 articles had been independently annotated and discussed in depth,
and the codebook contained 35 codes that cover the motivation, procedure, reporting, and downstream consequences
of the pilot work.

3.2.3 Reliability and corpus annotation. We conducted stratified sampling by publication to select 20 additional papers
for reliability assessment. We excluded one paper because it did not meet our inclusion criteria (pilot study was the main
study), leaving 19 papers: 5 for initial calibration and 14 for final inter-annotator assesment. We evaluated reliability for
six main coding decisions: four binary variables recording whether authors explicitly described participant recruitment,
pilot protocol, pilot results, and distinct pilot impact unreported in the pilot section; and two multi-label variables
covering the motivation and impact of the pilot. After the early calibration stage, the authors met and analyzed the
disagreements finding that a final refinement of the codebook was needed for the multi-label variables. A single code
was too restrictive since pilots can genuinely serve more than one function, and forcing coders to choose one option
between two supported interpretations could create apparent disagreement. Alternatively, allowing three or more codes
would allow overlapping interpretation and weaken the paper’s classification. Thus, we decided to limit the labels up to
two codes, agreeing on selecting different labels only when required to capture different aspects of the motivation and
impact of each study. After finalized the codebook, two authors independently annotated the 14 papers left, agreeing
on 70 out of 84 decisions (83,3%). Because our variables differed in structure, we assessed binary codes using exact
agreement and nominal Krippendorff’s 𝛼 , and the multilabel Motivation and Impact codes using exact-set agreement,
mean Jaccard similarity, and Jaccard-distance 𝛼 . Motivation achieved 64.3% exact agreement (Jaccard = .774; 𝛼 = .702),
while Impact achieved 78.6% (Jaccard = .857; 𝛼 = .733). Exact agreement for the binary variables ranged from 78.6% to
100% (see Appendix for detailed results).

3.2.4 Corpus Annotation. After the codebook was finalized, we then applied it to the 69 remaining papers in the corpus.
The same two authors evenly annotated half of them each independently. Additionally, one of these coders revisited the
first batch of 30 papers coded and mapped the older codes to the final version of codebook.

The analyses reported below focus on patterns that were stable across the coded corpus, particularly the relationship
between why pilot work was undertaken, what it changed, and how those consequences were communicated.
Manuscript submitted to ACM
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Table 1. Expert interview participants and their primary research expertise.

ID Research Expertise

P1 Computational social science
P2 VR/AR
P3 Accessibility and wearable computing
P4 Social computing
P5 Domestic technologies and tangible computing

3.3 Expert Interviews

To complement the document analysis, we conducted semi-structured interviews with five experienced HCI researchers.
We purposefully sought researchers with substantial publication and reviewing experience whose work represented
different methodological traditions within HCI. Participants’ primary areas included computational social science,
interactive systems and virtual reality, wearable and accessible computing, and social computing. We refer to participants
as P1–P5. As our participants are all prominent members of the HCI community, we report only their area of expertise in
Table 1 for confidentiality. However, all participants publish extensively at HCI venues, hold professorship positions, are
leading research labs, have served on organizing committees, frequently review papers, and are engaged in additional
service work for the community like serving on ethics and research grant review boards.

Interviews lasted approximately 30–45 minutes and asked participants to reflect on concrete examples of preparatory
research from their own work. We asked how they distinguish pilot studies from related activities such as formative
studies or iterative testing; what they use pilots to learn; how they decide when a study is ready to proceed; whether
and how they report preparatory work; and what they expect when reviewing papers that report pilots. In the latter
portion of each interview, we showed examples from the corpus and discussed emerging dimensions of the codebook.
We deliberately grounded the interviews in participants’ experiences rather than asking them to produce a single
abstract definition of a pilot study.

We analyzed the interview transcripts iteratively alongside the document analysis. The research team reviewed
each transcript, identified recurring explanations for the diversity and visibility patterns observed in the corpus, and
compared areas of convergence and disagreement across participants. We treated the interviews as contextualizing
evidence rather than as a representative sample of HCI researchers: their role was to illuminate reasoning and research
work that cannot be recovered from published papers alone.

4 Findings

Our analyses reveal a distinction between pilot studies as published objects and pilot work as research practice. We first
characterize what explicitly reported pilot studies make visible in the published record. We then draw on interviews
to examine how researchers understand, conduct, and selectively report preparatory work in practice, incorporating
corpus evidence where it provides corresponding or contrasting insights. Together, these perspectives reveal both what
published pilot reports make visible and what they leave behind.

4.1 Pilot Studies as Published Objects

Over the past decade, HCI researchers have shown growing interest in how methodological work is named and reported,
including pilot studies [39, 51]. Papers giving pilot-related work a dedicated heading grew 2.7-fold, broadly tracking

Manuscript submitted to ACM



8 Trovato et al.

2015 2017 2019 2021 2023 2025
Publication year

0

1

2

3

4
R

el
at

iv
e 

co
un

t
(2

01
5 

= 
1)

Corpus  2.7×

CHI  3.3×

a   Growth relative to 2015

2015 2017 2019 2021 2023 2025
Publication year

0

1

2

3

P
ap

er
s 

pe
r 1

00
ac

ce
pt

ed
 fu

ll 
pa

pe
rs

Pooled: 1.44 per 100

b   Relative frequency within CHI

Fig. 1. Growth and relative frequency of CHI papers in our corpus, 2015–2025. (a) Counts indexed to 2015 compare papers with a
dedicated heading for pilot or related preparatory work with all accepted CHI full papers. (b) The annual number of these dedicated-
heading papers per 100 accepted CHI full papers; the dashed line marks the pooled rate across the period.

CHI’s 3.3-fold growth (Figure 1). Yet these papers remained uncommon, at 1.4 per 100 accepted full papers, with no
sustained annual trend. This rate captures only explicitly labeled pilot work and not how often pilots were conducted.
As the following sections show, pilots reported under these headings also served different purposes.

Using Wobbrock and Kientz’s taxonomy [57], we also classified the papers’ primary contributions. Empirical studies
and interface artifacts or techniques were the most common, while the remaining papers included case studies,
methodological contributions, datasets, and replication (Figure 2).

4.1.1 Pilot Reports Make Procedures and Results Visible but Leave Participant Selection Unclear. Pilot reports most
often made the procedure, results, and numeric participant count visible, whereas recruitment and the relationship
between pilot and main-study participants were less consistently documented (Figure 2). These results show that pilot
reports were uneven in what they documented. Coders could often reconstruct what occurred in the pilot and what the
authors learned, but not how participants were recruited or whether their participation and data were distinct from the
main study. When reported, in most cases coders were able to identify differences between the pilot and main study
participant’s although authors do not provide an explicit reason (e.g. [17, 24, 34, 65]). More interestingly, some pilots
resulted in the researchers narrowing down their target participants for the main study (e.g. [38, 47]). In other cases,
pilots were run with lower risk participants to check whether a study was safe before running the main study with a
vulnerable population (e.g. [58]). For example, Loke et al. [35] mention that "A pilot (...) was conducted with the same
clinicians (...) [who] identified aspects of the activity that needed improvement before conducting the activity with a
child and parent". Some work even reflected on different results between the pilot study and main study, despite using
the same type of participants: While et al. [56] state "we conducted four pilot studies involving volunteer older adults
(...) to assess the study design and procedure, which were not tailored to older adults.", later relating this observation
to the main study results: "The discrepancies between the pilots and the main study underscore the importance of
adapting the study design with real-time feedback and participant needs".

In other cases, it was preferred to recruit participants with the same target profile by proximal/convenient sampling,
valuing the high-quality feedback from HCI-familiarized participants (e.g., lab peers, researchers) on an early prototype,
Manuscript submitted to ACM



Behind the Published Paper: Pilot Work and Methodological Visibility in HCI 9

0% 25% 50%

Empirical study

Interface artifact / technique

Case study

Methodological contribution

Dataset

Replication

51 (42.9%)

46 (38.7%)

13 (10.9%)

6 (5.0%)

2 (1.7%)

1 (0.8%)

a   Primary contribution type

0% 50% 100%

Participant count
available

Results discussed

Protocol described

Pilot/main participant
relationship clear

Recruitment described

110 (92.4%)

105 (88.2%)

100 (84.0%)

55 (46.2%)

46 (38.7%)

b   Reporting visibility

0% 25% 50%

Qualitative
summary

Mixed methods

Descriptive
quantitative

No analysis

Inferential
statistics

61 (51.3%)

21 (17.6%)

15 (12.6%)

14 (11.8%)

8 (6.7%)

c   Analysis reported

0% 20% 40%

Initial methods /
conditions

Usability problems /
feedback

Task exploration /
refinement

Parameter / variable
selection

Protocol clarity / flow

Hypothesis exploration

Motivation not stated

Research-question
refinement

34 (28.6%)

33 (27.7%)

18 (15.1%)

16 (13.4%)

16 (13.4%)

14 (11.8%)

8 (6.7%)

4 (3.4%)

d   Motivations for piloting

0% 25% 50%

Setup / interface / system /
prototype refinement
Main-study protocol

adjustment

Validation; no change

Research questions informed

New condition / variable

No explicit impact

67 (56.3%)

37 (31.1%)

10 (8.4%)

9 (7.6%)

7 (5.9%)

4 (3.4%)

e   Reported impacts

How to read the figure

One code per paper
Contribution type · Analysis type

Up to two codes per paper
Motivations · Reported impacts

Labels show n (%)

Fig. 2. Corpus summary (𝑁 = 119); labels show 𝑛 (%). Empirical studies and interface artifacts or techniques were the most common
contribution types (a). Participant counts, results, and protocols were usually reported, while recruitment and the pilot/main-
study participant relationship were less often clear (b). Qualitative summaries were the most common form of analysis (c). Initial
methodological insight and usability feedback were the most frequent motivations (d), and refining a setup, interface, system, or
prototype the most frequent impact, followed by adjusting the main-study protocol (e). Each paper received one primary contribution
and analysis code; motivations and impacts allow up to two codes per paper and therefore need not sum to 100%.

or study design. For example, in [28], where the target profile was older adults, and a retired HCI researcher and an
older adult with no HCI background were recruited. Even though we do not report specific demographics stats as
part of our analysis, qualitatively we observed that pilots tend to report gender and age mainly, including additional
characteristics (e.g., language proficiency, nationality, work or educational background).
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4.1.2 Why Pilot Studies Are Conducted: Addressing Different Forms of Uncertainty. The two most common reasons to
conduct a pilot were to understand the study methods and experimental conditions, and to gather user feedback about
usability problems. Pilots in the first group probed different parts of the setup: whether an experimental manipulation
or condition produced its intended effect (e.g., [10, 21]); whether the apparatus and measures were reliable enough to
collect usable data (e.g., [27, 32, 33]); and whether the overall method was feasible before committing to it (e.g., [11, 26]).
Where the goal was user feedback, pilots differed instead in when in a tool’s development that feedback was sought.
In the earliest case, authors used a basic tool, object, or channel in an exploratory study to observe interaction and
discover requirements in a specific setting (e.g., [2, 28, 53]). To illustrate, Holloway et al. [22] gathered feedback on how
blind users worked with 3D-printed models, and Du et al. [12] sought to understand how participants track moving
objects. Once a system of their own existed, authors instead showed participants an early prototype they had built (e.g.,
[20, 52, 64]). Least often, the focus of the pilot was comparing a tool or prototype against a baseline or alternative tools
to assess whether the intended design goals had been met (e.g., [47, 62, 63]). User feedback was therefore treated as
informative across the whole arc of development, not only once a system was complete enough to evaluate. Most papers
stated a motivation explicitly, but some remained vague, and in others we found a mismatch between the motivation
the authors stated and the uncertainty the pilot actually addressed.

Because pilots were most often run to understand study methods or obtain user feedback, the evidence they produced
leaned toward observation rather than formal hypothesis testing. Qualitative summaries (observations and participant
quotations) were by far the most common form of reported analysis, followed by mixed-methods and then descriptive
quantitative summaries. A smaller set of papers reported no analysis, and inferential statistics were rarest of all (Figure 2).
These differences caution against treating pilot studies uniformly as smaller versions of a later experiment: the reported
evidence was frequently oriented toward learning what to revise, retain, or investigate next.

4.1.3 From Pilot Evidence to Study Decisions: Concrete Changes or Validation. Pilot studies most often changed the
main study in one of two ways: by refining the system, interface, or experimental setup (56.3%, 𝑛 = 67) and, less
frequently, by adjusting the study protocol (31.1%, 𝑛 = 37). Within the refinement group, three targets recurred, and
a paper could name more than one. About half of these papers changed the study or system configuration, settling
concrete values and settings before the main run (𝑛 = 35; e.g., [16, 29, 31]); almost as many revised the interface or
the interaction itself, changing what participants saw or how they acted on it (𝑛 = 32; e.g., [3, 25, 41]); and a smaller
group revised design principles or goals rather than a specific setting or control (𝑛 = 10; e.g., [59, 60]). These changes
were usually stated rather than left implicit, with only 3.4% of papers (𝑛 = 4) reporting no explicit impact. Goguey et al.
[16], for instance, reported that “we therefore used these values of 250 ms and 750 ms for the main experiment,” while
Kopeinik et al. [30] gave the connection its own “Implication for the Main Study” section, letting readers follow the
pilot through to the design it justified. A further 16.0% of papers (𝑛 = 19) attributed a change to the pilot somewhere
other than the pilot section itself. In Cauchard et al. [9], for example, the pilot section reports no findings, “we only
report the results from the main study”, yet a safety instruction elsewhere is described as “added after the pilot when
some participants answered while driving”. Likewise, Yang et al. [61] fixed image dimensions, batch size, and training
hyperparameters “based on this pilot study” without reporting what that study showed. In these cases the decision is
attributed to preparatory evidence the paper never presents, so readers cannot judge what it rests on.
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4.2 Pilot Work in Research Practice

The corpus characterizes what authors make visible when they explicitly report pilot work. Our interviews provide
a complementary view of how such work is understood and conducted in research practice, including preparatory
activities that may never appear as pilots in publication. In this section, we organize the interview findings around four
themes and draw on the corpus where it provides corresponding or contrasting evidence.

4.2.1 Pilot Studies Are a Family of Decision-Making Practices. Participants did not describe pilot studies as a single
methodological activity. Instead, their accounts echoed the functional diversity visible in our corpus while revealing why
that diversity arises: researchers use preparatory work to resolve different uncertainties within different methodological
traditions. The interviews reinforced this functional diversity and showed that even experienced researchers draw the
boundaries of “pilot study” differently. P2, whose work centers on interactive systems, initially distinguished formative
studies, pilot studies, and formal evaluations temporally: formative work identifies needs before a system is built,
whereas pilot work tests an existing prototype or protocol before a formal study. Yet P2 also described iterative usability
testing of early prototypes as pilot work, even when this testing occurred without an explicit research question. P4, also
a systems-oriented HCI researcher, articulated a similar distinction between formative interviews that establish user
needs and pilot testing conducted after a system exists, while noting that interview protocols themselves may also be
piloted.

Other participants organized the space differently. P1 described one meaning of pilot in HCI systems work as
informal stress-testing of a developing system, but described a second meaning in preregistered experimental research:
the sequence of studies conducted before preregistration to establish feasibility, manipulation strength, outcomes,
and protocol details. P3 described pilots that tested protocol timing, device placement, battery life, sensor sampling,
accessibility of question formats, and interaction modalities. For P3, whether these activities counted as pilot work
depended on the context and the uncertainty being addressed.

P5 similarly described encountering substantially different uses of the term across HCI. In her own qualitative work,
a pilot typically involves only a few participants whose data are used to refine a protocol rather than contribute to the
eventual analysis. Yet she had also encountered papers describing substantially larger early-stage studies as pilots: “I’ve
heard Pilot referred to in a lot of different ways.” These differences had changed her own understanding over time;
although she initially learned piloting as a small-scale rehearsal of a study protocol, she had “since learned that it can
be a lot broader.”

Together, these accounts suggest that the variation in our corpus is not simply a case of researchers applying
an otherwise stable methodological category inconsistently. Researchers themselves encounter and inherit different
understandings of what pilot work is, shaped by research tradition, method, and the uncertainty being addressed. As P3
observed, a pilot for an interview study in CSCW need not resemble a pilot for testing a new headset in VR. P4 similarly
attributed local differences in method reporting to HCI’s combination of design, psychology, computer science, and
other disciplinary backgrounds. Rather than identifying one canonical pilot-study procedure, our data characterize
pilot work as a family of practices for making research decisions under uncertainty.

4.2.2 Pilot Work Extends Beyond What Becomes Visible in Published Papers. The corpus captures only work that authors
chose to identify and describe as a pilot or related preparatory activity. The interviews made clear that this published
record represents only a portion of the preparatory work researchers actually conduct. Participants described informal
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testing, debugging, technical calibration, protocol rehearsal, early interviews, and repeated system iteration that shaped
their studies but was never reported as a discrete pilot.

P1 provided the clearest articulation of this gap, describing “this part of the effort to make [sure] the experiment
or the system works” as work that goes “widely under-documented in the paper.” In one systems project, friends and
collaborators used an early version repeatedly while the system was being adjusted, but the final paper did not identify
this process as a formal pilot. In a more quantitative project, by contrast, the team ran four or five paid pilot studies
before preregistration to stabilize a complicated multi-stage protocol. P1 also described months of failed or partial
attempts required to make an automated data-collection pipeline work. Although these activities were consequential to
the eventual research, they did not appear in the publication under the label pilot study.

The same pattern appeared in the other interviews. P2 described loosely testing early prototype versions with users
until the system was ready for formal evaluation. P3 described checking camera placement, sensor settings, memory
capacity, battery life, and question formats before a main study; such adjustments might be mentioned as part of the
method but not presented as pilot results. P4 likewise said that pilot work is often embedded within the method section
rather than given its own heading, and that informally conducted pilots may receive little or no mention at all. P5
described a similarly routine process in qualitative research: pilot an interview or study protocol, revise questions or
procedures, amend the ethics protocol if necessary, and then proceed with the main study. Yet these iterations rarely
appear in the eventual paper. As she put it, “Normally, I don’t report anything from the pilot study, unless it’s something
[...] significant or interesting. Normally, the pilot study stays internal.” Thus, methodological changes produced through
piloting may become incorporated into the final protocol even when the process through which those decisions were
reached is absent from the published account.

This distinction matters for interpreting the document corpus. A missing pilot section does not imply that no
preparatory work occurred, and even an explicitly reported pilot may represent only one selected moment in a longer
process of iteration. The published pilot is therefore not necessarily equivalent to the pilot work. Published papers
expose selected parts of the process through which a study becomes research-ready.

4.2.3 What Pilot Work Communicates Matters More Than What It Is Called. Across both datasets, methodological
purpose and consequence were more informative than the label attached to an activity. In the corpus, papers sometimes
provided substantial procedural detail while leaving the motivation for the pilot or its effect on the main study difficult
to infer. Conversely, relatively brief descriptions could be interpretable when they clearly stated why the pilot was
conducted and what it changed. This suggests that reporting quantity and reporting usefulness are not equivalent.

Participants repeatedly made the same distinction. P2 described themself as pragmatic about terminology: whether
an activity was called a formative study, a pilot, or Study 1 mattered less than whether the paper made clear what
knowledge it produced and why the study had been conducted. P2 emphasized that, as a reviewer, a recurring problem
was not missing procedural detail but a missing study goal: papers would list findings from a formative or preliminary
study without explaining what question motivated it in the first place. P3 likewise argued that terminology is shaped by
disciplinary and community backgrounds and need not be standardized for its own sake. What mattered was whether
authors clarified their intention. For example, testing feasibility, checking setup, exploring a hypothesis, or informing a
methodological change.

The interviews also emphasized the connection between preparatory work and subsequent decisions. P3 described the
main value of reporting as justifying decisions about study length, data collection, interaction format, and communication
channels. P4 similarly noted that when pilot work is mentioned, the most useful information is often how the protocol
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was improved as a result. P1, after discussing examples from our corpus, reformulated the issue as the need to tell
readers “what aspects of the main study were informed by the pilot.”

P5’s reaction to examples from our corpus made this interpretive problem particularly visible. When shown a paper
that briefly reported a pilot without explaining its relationship to the subsequent study, her immediate questions were:
“What was the point of the pilot study? What did you learn?” She concluded that the description “raises more questions
than it answers.” When asked what an informative pilot report should communicate, she emphasized not exhaustive
procedural detail but the relationship between the preparatory work and what followed: “I think that’s the most
important part [...] what changed as a result of these findings?” Her response closely mirrors the distinction emerging
across our interviews: pilot reporting becomes useful when readers can understand not simply that preparatory work
occurred, but what uncertainty it addressed and what subsequent decision it informed.

Taken together, these observations suggest that the communication problem is not solved by requiring more detail
in every pilot section. A minimally reported pilot can be interpretable when its purpose and consequence are explicit,
while a richly described pilot can remain difficult to interpret when readers cannot determine why it was conducted or
what it informed. The central reporting relationship is therefore between an uncertainty, the evidence or experience
produced through preparatory work, and the consequential decision that followed.

4.2.4 Reporting Reflects Judgments of Relevance as Well as Publication Incentives. Participants did not describe pilot
reporting as a simple commitment to either transparency or omission. Instead, they made selective judgments about
what information was scientifically useful, narratively appropriate, and strategically safe to include in a publication.
This helps explain why consequential preparatory work may disappear even when researchers value methodological
transparency.

One criterion was perceived contribution. P3 described a rough hierarchy: a routine technical check that revealed
nothing notable might warrant only a sentence in the methods; preparatory work that led to consequential method-
ological or design changes deserved fuller explanation; and a pilot that generated novel knowledge useful to other
researchers might become a substantive finding in its own right. P2 described a similar pattern, noting that pilots were
rarely emphasized unless they yielded key insights or new knowledge, whereas formative studies were more likely to
be reported because their findings could directly motivate design requirements. P4 likewise said that pilots are difficult
to integrate when the final evaluation is intended to carry the paper’s main contribution.

A second criterion was the anticipated effect of reporting on review. P1 was particularly explicit that authors
may “gain very little” from reporting a pilot while opening additional aspects of the research to scrutiny. Informal or
messy iteration could make a paper appear disorganized even when it was part of a reasonable research process. P4
independently raised the possibility that reviewers may challenge a pilot when it is reported prominently without an
equally clear contribution, and noted that even in venues without strict page limits authors are expected to keep the
paper’s length proportional to its contribution.

At the same time, P3 offered an important counterpoint from the reviewer perspective: seeing that authors had
piloted a study could signal an “extra level of care” and greater methodological rigor, because the researchers had tested
their assumptions before committing to the main study. P2 and P4 also expressed strong support for methodological
transparency, suggesting appendices or supplementary materials as places to preserve detail without interrupting the
main narrative.

P5 introduced an additional consideration shaping what becomes publishable: the ethical status of pilot data. In her
own work, pilot participants often understand their participation as helping the researchers improve a subsequent
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study rather than contributing data to the study’s substantive findings. She therefore distinguished using pilot data
for methodological refinement from later pooling those data into the research analysis: “where I think it gets kind
of [...] murky is if [...] the participants think that their data is being used to improve the study, and then their data is
used to arrive at research conclusions.” For P5, reporting was therefore shaped not only by whether pilot findings were
interesting, but also by what participants had consented to their data being used for.

These accounts reveal a tension in current publication practice. Authors may experience iterative preparatory work
as something that complicates a clean research story or creates new surfaces for criticism, while reviewers may interpret
the same work as evidence of care and methodological reflection. Reporting is therefore selective for two intertwined
reasons: researchers make epistemic judgments about what readers need to know and strategic judgments about what
belongs in a coherent, publishable account. This tension motivates our discussion of methodological visibility below.

5 Looking Ahead: Rethinking Methodological Reporting in HCI

Our findings began with an apparently terminological question: what does HCI mean by pilot study? Examining that
question revealed a broader issue concerning how methodological knowledge becomes visible in HCI publications.
Methodological discussions of pilot studies often present the pilot as a discrete activity that precedes a larger study
[1, 13]. Our findings complicate this model. Participants described preparatory work as recurring throughout system
development and study design. This embedding of preparatory work within iterative research practice resonates with
accounts of design-oriented HCI research in which knowledge develops through processes of making, evaluation, and
refinement [66]. HCI scholarship has cautioned against treating methodological diversity itself as evidence of inadequate
standards, particularly where different research traditions operate according to different epistemological commitments
[14, 19]. Participants themselves drew different boundaries around pilot, formative, feasibility, and iterative work, often
in ways that reflected their research traditions.

This perspective helps explain why the term acquires different meanings across HCI. Different research programs
encounter different uncertainties. But what they share is a role in reducing uncertainty before researchers commit to a
consequential next step. This functional diversity reflects HCI’s broader methodological and epistemological pluralism,
in which different research traditions produce knowledge through substantially different practices [19]. We argue
that the central problem is therefore not the absence of a shared definition of pilot study, but whether consequential
methodological reasoning remains visible in the published record. Published papers necessarily present a selective
account of the research process; the goal cannot be to preserve every iteration, but to make it possible for readers to
understand how consequential decisions were reached. We refer to this as methodological traceability. We next consider
what this concept means in practice for authors, reviewers, and the broader HCI community.

5.1 For Authors: Report Decision Traces, Not Every Iteration

For authors, methodological traceability can be operationalized through three questions:What was uncertain? What

did the preparatory work reveal? What decision followed? Answering these questions need not require a dedicated
“Pilot Study” section. A consequential decision trace may require a paragraph; another may require only a sentence.
Conversely, a lengthy account of preparatory work may provide little methodological value if its relationship to the
eventual study remains unclear.

This concept also provides a basis for deciding what belongs in the paper and what remains elsewhere. The main
paper should preserve the reasoning necessary to understand consequential methodological decisions. Procedural
detail, such as extended protocols, intermediate versions, calibration results, or additional analyses, can be preserved
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in appendices or supplementary materials when useful for reproducibility or reuse. The aim is therefore not “more
reporting” in general, but more informative reporting: allocating limited space to the methodological history that
clarifies how the final study should be understood.

Importantly, reporting what was learned from preparatory work is distinct from treating preparatory data as research
evidence. Our interviews surfaced ethical concerns about reusing data collected from participants who may have
understood their role as helping researchers refine a study rather than contributing evidence toward its substantive
conclusions. Greater methodological visibility should therefore not imply that pilot data should automatically be pooled
with main-study data or reported as findings. Authors should distinguish between making a methodological decision
traceable and making claims from the data that produced it.

5.2 For Reviewers: Evaluate the Basis of Decisions, Not the Presence of Pilots

Our findings also suggest an opportunity for reviewers to shift from asking for specific methods to asking for evidence
that support their methodological decisions. The presence of a pilot should not function as a proxy for rigor, nor should
its absence imply that a study was insufficiently prepared. Instead of asking, “Was this piloted?”, reviewers can ask:
“What supports the consequential methodological decisions on which this study depends?”

The answer need not be a pilot. A decision may be supported by prior literature, established methodological practice,
formative research, technical testing, domain expertise, earlier studies, or preparatory empirical work. Conversely,
merely stating that a pilot was conducted should not resolve a methodological concern if the paper does not explain what
the pilot established. This reframes review from checking for the presence of a methodological activity to evaluating
whether consequential choices are sufficiently justified and interpretable.

This shift may also reduce a tension surfaced in our interviews: authors can perceive reporting pilot work as creating
additional surfaces for reviewer scrutiny, even as reviewers may interpret such work as evidence of methodological
care. Review practices that focus on the reasoning supported by preparatory work, rather than treating deviations and
revisions as weaknesses to defend, could make it easier for authors to communicate how studies actually developed.
This recommendation also connects to broader calls for meta-research on how HCI’s peer-review practices and evolving
expectations shape the research that authors communicate [40].

5.3 For the HCI Community: Build Infrastructure for Methodological Traceability

Methodological traceability should not depend entirely on individual authors knowing what reviewers expect. HCI
venues could make these expectations explicit through lightweight reporting infrastructure. Author guidelines, submis-
sion forms, methodological checklists, or reviewer guidance could include a prompt such as:

If preparatory empirical work materially shaped the reported study, briefly describe what was uncertain, what

the preparatory work revealed, and what consequential decision followed.

Such a prompt deliberately does not require authors to conduct a pilot, use the term “pilot study,” or follow a particular
research workflow. It instead specifies the communicative outcome that matters when consequential preparatory
work has occurred. This distinction is important for a field encompassing experimental, qualitative, design-oriented,
systems, accessibility, and other research traditions. The HCI community could explore initiatives from other research
communities towards methodological transparency [36, 42, 44], such as using checklists in submission platforms [4, 55],
or other publishable artifacts [5, 46].
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Future reporting infrastructure could go further. Structured supplementary materials could provide optional spaces
for intermediate protocols, parameter choices, design iterations, or other methodological decision traces that are difficult
to accommodate in the main paper. Research artifacts and repositories could preserve links between final methodological
choices and the preparatory evidence that informed them. Future work could investigate whether such mechanisms
actually help readers interpret and reuse research, which kinds of methodological decisions readers most need to trace,
and when additional visibility becomes burdensome rather than useful.

Making these expectations explicit may be particularly important for researchers entering HCI from neighboring
disciplines. HCI’s publication practices themselves contain community-specific conventions that researchers must
learn [43]. One participant described pilot-study practice as an example of the “local norms” researchers often acquire
informally. When expectations about what methodological reasoning should be reported remain tacit, newcomers
must infer them by reverse-engineering published papers, mentorship, and review feedback. Making methodological
traceability an explicit communicative principle would not eliminate the diversity of HCI research practice. Rather, it
could make that diversity easier to navigate without requiring researchers to already know the field’s unwritten rules.

6 Limitations

This study has several limitations that bound our claims. First, our document corpus is restricted to full CHI papers
published between 2015 and 2025. We therefore make claims about reporting patterns in this CHI corpus rather
than estimating the prevalence or distribution of pilot practices across HCI as a whole. Our interviews broaden the
interpretive scope by asking experienced researchers to reflect on their work across HCI venues and traditions, but five
interviews cannot establish how common these perspectives are across the field.

Second, our primary corpus intentionally focuses on papers with dedicated headings for pilot or closely related
preparatory work. This enabled detailed manual coding, but it biases the corpus toward comparatively visible and
elaborated pilots. Our interviews suggest that informal and embedded pilot work may be especially likely to disappear
from the published record. We therefore cannot estimate how much preparatory work goes unreported, and our claims
about invisible work are grounded primarily in interview accounts rather than corpus prevalence.

Third, methodological categories inevitably simplify activities that may serve several functions at once. A single pilot
can simultaneously reveal usability problems, test a protocol, calibrate technical parameters, and reshape a research
question. We use the codebook as an analytic and communicative scaffold rather than as a claim that pilot activities
naturally fall into mutually exclusive kinds.

Finally, our analysis captures what authors and interview participants chose to describe. It cannot reconstruct every
decision made during a research project or determine retrospectively which omitted pieces of preparatory work would
have changed a reader’s interpretation. Future work could examine a broader range of HCI venues, compare published
papers with research artifacts such as preregistrations and supplementary materials, and study author–reviewer
expectations directly to further develop community-informed reporting guidance.

7 Conclusion

Pilot studies offer a window into a broader feature of HCI research: studies do not arrive fully formed. They take shape
through interactions with participants, prototypes, technical systems, methodological traditions, and earlier decisions.
Our analysis shows that this preparatory work serves diverse functions and does not map neatly onto a single definition
of “pilot study.” Rather than resolving this diversity through stricter terminology, we argue that the more consequential
question is what methodological reasoning remains visible in the published record.
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We proposemethodological traceability as a lightweight principle for making that reasoning legible. When preparatory
work materially shapes subsequent research, readers should be able to understand what was uncertain, what the
preparatory work revealed, and what decision followed. This does not require documenting every iteration or adding a
dedicated pilot section. It asks instead that consequential methodological decisions remain connected to the evidence and
experience through which they were reached. As HCI continues to encompass diverse research traditions and welcome
researchers into the community, making these decision traces more visible can help published papers communicate not
only what research was ultimately conducted, but some of the reasoning through which it came to take that form.
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A Inter-Annotation Reliability

Reliability sample construction. As mention in the main text, we first independently coded five papers as a calibration
exercise and refined the codebook after reviewing our disagreements. Across both stages, we independently coded 19
eligible papers. We report the calibration and post-refinement stages separately because they used different codebook
versions. We restricted the reported analysis to the six main coding decisions. We ignored the order of multilabel
selections and considered two annotations an exact match only when their complete sets were identical. We pooled
papers across publication years because the individual year strata were too small for stable year-specific estimates.

Table 2 provides the complete variable-level reliability results for the post-refinement assessment, including exact
agreement and the coefficients applicable to each coding decision.

Table 2. Variable-level inter-annotator reliability in the post-refinement assessment.

Coding decision Exact agreement Mean Jaccard Krippendorff’s 𝛼

Motivation 64.3% .774 .702
Recruitment described 78.6% — .585
Protocol described 92.9% — .640
Results discussed 100% — 1.000
Impact 78.6% .857 .733
Outside-section change 85.7% — −.038
Descriptive aggregate 83.3% — —

Jaccard-based statistics apply only to the multilabel variables. The aggregate exact-agreement score is descriptive and not chance-corrected. The
negative coefficient for Outside-section change reflects a strongly imbalanced response distribution despite high observed agreement. Dashes
indicate that a statistic was not applicable.
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